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Abstract

This project aims to develop a monsoon trough detection system that influences
rainfall in Thailand. In the development, weather map data was used to analyze and
detect monsoon troughs in areas that affect Thailand. In order to find an effective system,

Two types of monsoon trough detection systems have been developed with image
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processing techniques and a monsoon trough detection system using deep learning
techniques the results showed that a monsoon trough detection system using deep
learning techniques is more accurate than image processing techniques.

The results from the monsoon trough detection system will provide information
that supports monitoring and warning of areas with heavy rainfall in time for situations that
may cause flooding, mudslides, and reduce data analyst time. In analyzing the country's
heavy rain situation caused by the influence of monsoon troughs

Keyword: weather map data, monsoon trough, deep learning, image processing.
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1. 399u5g% (Monsoon Trough)
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3. M3ns133udayad (Color detection)
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Y1816, 910 Digital Images Edge Detection Using Mathematical Morphology Operations, by Hanaa I. Ali.(2010). Iraq
Journal of Science 51, pp. 177-184
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4186, 31N Prototype of Real-time Lane Detection Device,by Narathip Thongpan,Montean Rattanasiriwongwut,

Mahasak Ketchum.(2019). Sripatum review of science and technology Vol.11 january-december 2019
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6. NMSHAUATIRIYATNTS Hough Transform
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Y186 Development Hough transform to detect straightlines using pre-processing filter(pp. 448-456),by Younes
Parsa, Hasan Hosseinzadeh,Mehdi Effatparvar.(2015). International Journal of Information, Security and System

Management, 2015, Vol.4, No.2
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